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Abstract: With the rapid development of satellite communication, the satellite internet is one of the core technologies of 6G network to
realize global coverage, full-time access and full scene service. The high dynamics and limited capacity of satellite network lead to a series
of management and control challenges such as heterogeneous network management, dynamic resource allocation and so on. Since the
machine learning-based technologies have strength in network design, the intelligent architecture of software-defined satellite internet was
put forward. In view of the intelligent routing in satellite internet, and leverages the deep reinforcement algorithm based on double delayed
deep deterministic policy gradient (TD3) to solve the network routing optimization problem. The experimental results showed that compared
with DDPG algorithm, the TD3 algorithm reduced the delay by 19.19%.
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